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Abstract

Temporary-help jobs offer rapid entry into paid employment, but they are typically brief and it is
unknown whether they foster longer-term employment. We utilize the unique structure of
Detroit’s welfare-to-work program to identify the effect of temporary-help jobs on labor market
advancement. Exploiting the rotational assignment of welfare clients to numerous nonprofit
contractors with differing job placement rates, we find that temporary-help job placements do not
improve and may diminish subsequent earnings and employment outcomes among participants.
In contrast, job placements with direct-hire employers substantially raise earnings and
employment over a seven quarter follow-up period.

JEL: J24, J48, ]62
Keywords: Temporary-help, welfare to work, job placement, low-skill workers, causal effects.



Temporary-help firms employ a disproportionate sharlow-skilled and minority U.S.
workers (U.S. Department of Labor, Bureau of LaBtatistics 2005). Within the low-wage
population, employment in temporary help is esgycmevalent among participants in public
employment and training programs. Although the terap/-help industry accounts for less than
3 percent of average daily employment in the Un8&attes, state administrative data show that
15 to 40 percent of former welfare recipients whtatmed employment in the years following
the 1996 U.S. welfare reform took jobs in the terapphelp sectot.Comparing the industry
distribution of employment of participants in weHajob training, and labor exchange programs
in Missouri before and immediately following progrgarticipation, Heinrich, Mueser, and
Troske (2007) find that participation in governmpragrams is associated with a 50 to 100
percent increase in employment in temporary-hetpdiand that no other industry displays such
a spike in employment.

The concentration of low-skilled workers in the morary-help sector and the high incidence
of temporary-help employment among participantgamernment employment programs have
catalyzed a debate as to whether temporary-hefpfgadilitate or hinder labor market
advancement. Lack of employment stability is thagpal obstacle to economic self-sufficiency
among the low-skilled population, and thus a maial @f welfare-to-work and other
employment programs targeting low-skilled workersa help participants find stable
employment (Bloom et al. 2005). Temporary-help jalestypically less stable than regular
(‘direct-hire’) jobs (King and Mueser 2005). Neverless, by providing an opportunity to
develop contacts with potential employers and aequther types of human capital, temporary-
help jobs may allow workers to transition to maiate employment than they otherwise would
have attained. Moreover, because temporary-hefsfiace relatively low screening and
termination costs, numerous researchers have gabiethese firms may hire individuals who
otherwise would have difficulty finding any emplognt, and that this may lead directly or
indirectly to employment in direct-hire positiomsbfaham 1988; Katz and Krueger 1999; Autor
2001 and 2003; Houseman 2001; Autor and Housem@a; 2lbuseman, Kalleberg, and
Erickcek 2003; Kalleberg, Reynolds, and Marsder3200

! See Autor and Houseman (2002) on Georgia and Wgtsinirstate; Cancian et al. (1999) on WisconsinnHieh, Mueser, and
Troske (2005) on North Carolina and Missouri; aagv®sarat (1997) on Wisconsin.



Some scholars and practitioners have countereddhmgorary-help firms primarily offer
unstable and low-skilled jobs, which provide littdpportunity for workers to invest in human
capital or engage in productive job search (Patkéd; Pawasarat 1997; Jorgenson and Riemer
2000; Benner, Leete and Pastor, 2007). This argtyrthewever, only implies that temporary-
help jobs inhibit labor market advancement if thieks displace more productive employment
activities; temporary-help jobs may neverthelessaase employment and earnings if they
substitute for spells of unemployment. Thus, aretguestion for evaluation is whether
temporary-help positions on average augment otatispther job search and human capital
acquisition activities.

Because it is inherently difficult to differentiaiee effects of holding given job types from
the skills and motivations that cause workers td fiese jobs initially, distinguishing among
these competing hypotheses is an empirical chaleRgs study exploits a unique aspect of the
city of Detroit’'s welfare-to-work program (Work Bi) to identify the causal effects of
temporary-help and direct-hire jobs on the subseglabor market advancement of low-skilled
workers. Welfare participants in Detroit are assmjon a rotating basis to one of two or three
not-for-profit program providers—termed contractexgperating in the district where they
reside. Contractors operating in a given distreote substantially different placement rates into
temporary-help and direct-hire jobs but offer otiiee standardized services. Contractor
assignments, which are functionally equivalentatodom assignments, are uncorrelated with
participant characteristics but, due to differenoesontractor placement practices, are correlated
with the probability that participants are placetbia direct-hire job, a temporary-help job, or no
job during their Work First spells. These prograatfires enable us to use contractor
assignments as instrumental variables for job-takin

Our analysis draws on administrative records froenDetroit Work First program linked
with Unemployment Insurance (Ul) wage records ffigr éntire State of Michigan for over
37,000 Work First spells commencing between 199P2803. The administrative data provide
person-level demographic information on Work Haatticipants and the jobs they obtain during
their Work First spells. The Ul wage records traekticipants’ quarterly earnings in each job
held for two years before and after entering tregy@m. Consistent with welfare populations
studied in other states, the incidence of tempenaty employment in Detroit is high: one in

five jobs obtained during Work First is obtainedma temporary-help firm. This provides



ample variation to simultaneously analyze the daeféects of direct-hire and temporary-help
jobs on subsequent labor market outcomes.

The analysis yields two main insights. Placemantts direct-hire jobsignificantly improve

subsequent earnings and employment outcomes. @xa@ren-quarter follow-up period, direct-
hire placements induced by contractor assignmeirge participants’ payroll earnings by $493
per quarter—approximately a 50 percent increase loaseline for this low-skill population—
and increase the probability of employment per gudoy 15 percentage points—about a 33
percent increase over baseline. These effectsiginéy statistically significant and are

economically large. Temporary-help placemehiscontrast, do not improve, and may even
harm, subsequent employment and earnings outcdrhegrecision of our estimates rules out
any moderately positive effects of temporary-hdgrements. Thus, although we find that job
placements, overall, significantly improve affectedrkers’ long-term employment and earnings
outcomes—consistent with results of large-scaldoamassignment studies (see Bloom et al.
1997 and Bloom and Michalopoulos 2001 for summarig¢ke benefits of job placement
services derive entirely from placements into dH@ce jobs. This finding places an important
qualification on the conventional wisdom that plaeat into any job is better than no job.

We provide a variety of tests of the plausibilitydarobustness of these results. The use of
contractor assignments as instrumental variable®lioplacement types requires that either
contractors only affect participant outcomes thiotlgeir influence on the types of jobs that they
take or, alternatively, that any other effects ttaitractors may have on participant outcomes is
orthogonal to the effect operating through job pfaent. We argue that, by design, contractors
have little scope for affecting participant outcaather than through job placements and, for
the limited set of other services provided, therktile variation among contractors. Consistent
with this view, we demonstrate that the effectafttactor assignments on participant outcomes
is fully captured by contractors’ placement ratés temporary-help and direct-hire jobs. We
also demonstrate that our findings are robustterative specifications of the instrumental
variables, that our results do not suffer from weekruments biases, and that our findings
cannot be ascribed to differences in the occupatidistribution of temporary-help and direct-
hire jobs.

Complementary analyses provide insights into wingadthire placements are found to

improve long-term labor market outcomes while terapghelp placements are not. Exploiting



employer-level data in the Ul wage records, we fimat the key observable difference between
these job placements is their effect on job stigbi®ver the seven-quarter follow-up period, the
bulk of the earnings gain enjoyed by participanés@d into direct-hire jobs derives from a
single, continuous job spell. Direct-hire placenseggnerate durable earnings effects in part
because the placement jobs themselves last arattibgcause the placement jobs serve as
stepping stones into stable jobs. In contrastguteent jobs in the temporary-help sector reduce
job stability by all measures we are able to examniremporary-help placements increase
multiple job holding and reduce tenure in longesidhob, both indicators of job churn. Rather
than helping participants transition to direct-hobs, temporary-help placements initially lead to
more employment in the temporary-help sector, wkEtves to crowd out direct-hire
employment.

We emphasize that our findings pertain to the nmaigemporary-help job placements
induced by the randomization of Work First clieatsoss contractors, and therefore do not
preclude the possibility that infra-marginal temgrgrhelp placements generate significant
benefits. However, our findings address the modtryant policy issue: whether increased (or
decreased) use of temporary-help firms in job prea# of low-skilled workers will improve
participant outcomes.

Our study is the first to exploit a plausikelyogenous source of variation in temporary-
help job taking to examine the effects of tempo#aeip employment on long-term labor market
outcomes among low-wage workers. Notably, our agichs are at odds with those of several
recent U.S. and European studies that find thapoeany-help employment provides a stepping
stone into stable employmene point out that our OLS estimates are closefgmarable to
those in the literature, implying any unique feataf our Detroit sample cannot explain our
discrepant findings. Substantial differences betwtbe marginal treatment effects of temporary-
help placements recovered by our instrumental blrsaestimates and the average treatment

effects recovered by estimators in other studiegdcaccount for these disparate findings.

2U.S. studies include Ferber and Waldfogel (1998)d et al. (2003), Corcoran and Chen (2004), Asders
Holzer and Lane (2005, 2009), Heinrich, Mueser, @raske (2005, 2007), and Benner, Leete and P&x00r7).
Studies on temporary help employment in EuropeauthelBooth, Francesconi, and Frank (2002), GarciazPand
Mufioz-Bullon (2002), Andersson and Wadensj6 (20@#),van den Berg, and Hemya (forthcoming), Iahin
Mealli and Nannicini (2005, 2008), Amuedo-Doranfdslo, and Mufioz-Bullén (2008), Béheim and Cardoso
(2009), Kvasnicka (2009). With the exception of Ben Leete and Pastor (2007), these U.S. and Eancgiadies
uniformly conclude that temporary-help jobs benefitrkers, either by facilitating longer-term labuoarket
attachment or, at a minimum, by substituting faglkspof unemployment.



Alternatively, the statistical techniques usediievous studies may be unable to fully
differentiate the causal effects of holding giveh jypes from the unmeasured skills and

motivations that cause self-selection into thebs.jo

1 CONTEXT: WORK FIRST CONTRACTORASSIGNMENTS INDETROIT

Our study exploits the unique structure of Detsowelfare-to-work program to identify the
long-term consequences of temporary-help and dimeetemployment on labor market
outcomes of low-skilled workers. Most recipientsT&fNF benefits (Temporary Assistance for
Needy Families) must fulfill mandatory minimum warquirements. TANF applicants in
Michigan who do not already meet these work reauinets are assigned to Work First
programs, which serve to place them in employntémtadministrative purposes, Detroit’s
welfare and Work First programs are divided intorteen geographic districts. TANF
participants are assigned to districts accordirgpaode of residence. The city of Detroit
administers the Work First program, but the pransof services is contracted out to non-profit
or public organizations. One to three Work Firsttcactors service each district, and when
multiple contractors provide Work First serviceshin a district, the city’s Work First office
rotates the assignment of participants to contraciithe contractor to which a participant is
assigned thus depends on the date that he or phesajor TANF.

The Work First program is designed to provide siemn, intensive job placement services.
All contractors operating in Detroit offer a faidyandardized one-week orientation, which
includes life-skills training. Following orientatipfew resources are spent on anything but job
development, and, as the program name impliegrtfghasis is on rapid placement into jobs.
Participants are expected to search for work anldiine basis. Besides monitoring
participants’ job search efforts, contractors @agdirect role in job placement by referring
participants to employers or by hosting eventstatiwemployers recruit participants at the
Work First program site. Although participants nieng jobs on their own, most contractors in
our study reported that they are directly involuethalf or more of their job placements. Among
those who are successfully placed into a job, tfwaghs are placed within six weeks of
program entry. Virtually all participants are plddato a job or are terminated from the program

without a placement within six months of entrysupport services intended to aid job retention,

3 Individuals may be terminated from Work Firstligy fail to find a job or if they fail to meet jatearch requirements.



such as childcare and transportation, are equeadlifadole to participants in all contractors and
are provided outside the program (Autor and House2@6). Participants who do not find jobs
during their Work First assignments face possiblecions. Consequently, unsuccessful
participants continue to have strong incentivesaok after leaving Work First.

Figure 1 provides a schematic diagram of DetroM@rk First program and the rotational
assignment of participants to contractors. Uponyeparticipants, who vary in terms of their
personal characteristics and work histories, asgaed to a contractor operating in their
district* Contractors play an integral role in helping taqe participants into jobs, but
systematically vary in their propensities to plaegticipants into direct-hire, temporary-help, or,
indeed, any job at all.

It is logical to ask why contractors’ placementqti@es vary. The most plausible answer is
that contractors are uncertain about which typelofplacement is most effective and hence
pursue different policies. Contractors do not haseess to Ul wage records data (used in this
study to assess participants’ labor market outcpnaesl they collect follow-up data only for a
short time period and only for individuals placedabs. Therefore, they cannot rigorously
assess whether job placements improve participsinbmes or whether specific job placement
types matter. During in-person and phone interviearsgducted for this study, contractors
expressed considerable uncertainty, and differgigions, about the long-term consequences of

temporary job placements (Autor and Houseman 2006).

2. THE RESEARCH DESIGN

Central to our research design are two featurdéiseoDetroit Work First environment: (1)
contractors operating in a given district have taftgally different placement rates into
temporary-help and direct-hire jobs but offer ottiee standardized services; and (2) the
rotational assignment of participants to contracterfunctionally equivalent to random
assignments—as we show immediately below—so th@tactor assignments are uncorrelated
with participant characteristics. Under the plalesdssumption (explored in detail below) that
contractors only systematically affect participantcomes in the post-program period through
their effect on job placements, we can use cordraxdsignments as instrumental variables to

4 Participants reentering the system for additidhatk First spells follow the same assignment pracednd thus may be
reassigned to another contractor.



study the causal effects of temporary-help ancctinge placements on employment and
earnings of Welfare recipients.

Our analysis draws on a unique database contaaungnistrative records on the jobs
obtained by participants while in the Work Firsbgram linked to their quarterly earnings from
the State of Michigan's unemployment insurance wagerds data base. These administrative
data document all jobs obtained by participantdeninithe program for all Work First spells
initiated from the fourth quarter of 1999 througle first quarter of 2003 in Detroit. Work First
job placements are classified as either direct-dviremporary-help using a carefully compiled
list of all temporary-help agencies in the metritpol area. The Work First data are matched to
statewide Unemployment Insurance data that reatad ¢arnings and industry of employment
by participant for each employer for each calempearter. The Ul data allow us to construct pre-
and post- Work First Ul earnings for each partiotpgfar the eight quarters before and after the
quarter of program entf/By the second quarter following Work First entrigtually all
participants have been either placed into a jaierninated from the program. Thus we treat
employment and earnings in these seven quartgrgsagprogram outcomes, and we do not
include the first post-entry quarter in our outcodaga. Including this quarter has little
substantive effect on our results, however, as shavan earlier working paper version of this
study’

In the time period studied, fourteen districts ietidit were served by two or more Work
First contractors, thus making these districts ipidély usable for our analysis. In two districts
with large ethnic populations, the assignment ofigipants to contractors was not done on a
rotating basis but rather was based on languagisn@ée drop these two districts from our
sample. We further limit the sample to spells atgd when participants were between the ages
of 16 and 65 and drop spells where reported prepost-assignment quarterly Ul earnings

° Particularly helpful was a comprehensive listesfiporary agencies operating in our metropolitaa aseof 2000, developed by
David Fasenfest and Heidi Gottfried. In a small bemof cases where the appropriate coding of ar@mpwas unclear, we
collected additional information on the naturetaf business through an internet search or teleptmmtect.

® The Ul wage records exclude earnings of federdistate employees and of the self-employed.

" This paper is availablettp://web.mit.edu/dautor/www/ah-detroit-january@83pdf Among those placed into a job 99.6 percent
have been placed by the second quarter followiriy eand among those terminated without a placer@ér& percent have been
officially terminated by the second quarter, acangdo Work First administrative records. Becaus$egh fraction of

participants who unsuccessfully exit the prograrguarter two or subsequently actually have Ul eawiin first quarter, it is

likely that de facto time to exit among participanbt placed into jobs is actually shorter thandatd in the administrative

data. Participants who are placed into jobs offici@main in the program for up to three monthsl ¢heir employers are
periodically surveyed to check on their employmeatus.




exceed $15,000 in a single calendar quarter. Tiestections reduce the sample by less than 1
percent. Finally, we drop all spells initiated icaendar quarter in any district where one or
more participating contractors received no cliehtsng the quarter, as occasionally occurred
when contractors were terminated and repl&ced.

Table 1 summarizes the means of variables on deapbips, work history, and earnings
following program entry for all Work First parti@pts in our primary sample as well as by
placement outcome during the Work First spell: ait@re placement, temporary-help
placement, or no job placement. The sample is pnatkntly female (94 percent) and black (97
percent). Slightly under half (48 percent) of Wéiikst spells resulted in job placements. Among
spells resulting in jobs, 20 percent have at leastjob with a temporary agency. Interestingly,
average weekly earnings are somewhat higher inageamphelp jobs than in direct-hire jobs
obtained in Work First.

The bottom panel of Table 1 reports average qugarnings and employment probability
in quarters two through eight following the quaméiVork First entry. Participants are coded as
employed in a particular quarter if they have ahgérnings during that quarter. Average
employment probability is defined as the averagdose employment dummy variables over
the follow-up period. The average quarterly earsiagd employment probabilities over quarters
two to eight following program entry are comparafolethose obtaining temporary agency and
direct-hire placement jobs, while earnings andptedability of employment for those who do
not obtain employment during the Work First spedl 40 to 50 percent lower.

The average characteristics of participants vangicterably according to job placement
outcome. Compared to those who found jobs whiM/ork First, those who do not find jobs are
more likely to have dropped out of high school emtave worked fewer quarters and had lower
earnings before entering the program. Among théseed in jobs, those taking temporary-help
jobs actually have slightly higher average prianésgs and employment than those taking
direct-hire jobs. Not surprisingly, those who ta&mporary-help jobs while in the Work First
program have higher prior earnings and more quawerked in the temporary-help sector than
those who take direct-hire joBs.

8 This further reduced the final sample by 3,091lIsper 7.4 percent. We have estimated the maineisadcluding these
observations with near-identical results.

°In a small percentage of cases, employers’ ingustles are missing in the Ul wage records. Ferr#ason, earnings and
employment in temporary-help and direct-hire emplent do not sum to corresponding total earnings.



Before turning to detailed tests of the researdigie we depict the main results of analysis
in a set of scatter plots comparing average Ul egmpént and earnings outcomes for Work First
participants by contractor by year of assignmeairesj contractor-year placement rates into
temporary-help and direct-hire jobs. As noted aboaredomization of Work First participants to
contractors occurs within districts within a specgrogram year. To purge district-year effects
from these plots, we first estimate person-leveSQégressions of job placement type obtained
during Work First (direct-hire, temporary-help,ra job) and post-program quarterly Ul
employment and earnings on a complete set of clistyi year of assignment dummy variables.
We calculate the contractor-year specific compoonéetch variable (temporary-help
placement, direct-hire placement, Ul earnings, trdp®yment) as the mean residual for each
regression by contractor and year of assignmenpuBging year and district effects, this
procedure isolates the variation on which our nededesign relies: variation among contractors
operating in same district at the same time.

Figure 2a plots participants’ post-program quayternployment probabilities—defined as
the fraction of quarters two through eight follogricontractor assignment in which they have
positive earnings—against their contractors’ dut@ce placement and temporary-help placement
rates'® This figure reveals that participants assignecbiutractors with high direct-hire
placement rates have substantially higher averag@gogment rates in the post-program period.
There is no similar relationship, however, betweentractors’ temporary-help replacement rates
and post-program employment probabilities of theigpants assigned to them. An analogous
scatter plot for post-program earnings over posigasnent quarters two through eight (Figure
2Db) tells a similar story: participants assigneddatractors with high direct-hire placement rates
have substantially higher average quarterly easingjuarters two through eight following
program assignment, while the locus relating terapehelp placement rates and post-program
earnings is essentially flat.

Our subsequent analysis tests the validity ofisgarch design and applies it—with many
refinements—to produce estimates of the causattsfte job placements on earnings and
employment and to explore the channels though wihieke causal effects arise. The bottom line

of our analysis, however, is already visible inUfigy2.

91n essence, Figure 2 is the reduced form of oumbdels.



2.1  TESTING THE RESEARCH DESIGN

Our research design requires that the rotatiorsafjasient of participants to contractors
effectively randomizes participants to contractgperating within each district in a given
program year. We test whether the data are consisith random assignment by statistically
comparing the following eight characteristics oftg#pants assigned to contractors within each
district and year: sex, white race, other (non-ehiaice, age and its square, average employment
probability in the eight quarters before prograrnreraverage employment probability with a
temporary agency in these prior eight quarters;agesquarterly earnings in these prior eight
quarters, and average quarterly earnings from teampagencies in the prior eight quartérs.

In testing the comparability of participants acreggt characteristics, we are likely to obtain
many false rejections of the null, and this is @hated by the fact that participant
characteristics are not fully independent (e.gtigpants with high prior employment rates are
also likely to have high prior earnings). To acdofion these confounding factors, we estimate a
Seemingly Unrelated Regression (SUR), which addeebsth the multiple comparisons
problem and the correlations among demographicackenistics across participants at each
contractor:? This procedure can be readily described with glsiaquation regression model:

X =a+y, +@ +6,+ A, +w, (1)

where X, is one of the eight measures used for the congafig., prior employment,

gender, etc., all indexed k) for participanti assigned to contractar serving assignment
district d in yeart. The vectorgy ande contain a complete set of dummies indicating
randomization districts and year-by-quarter of cactor assignment, respectively, while the
vector@ contains all two-way interactions between distaictl year

Of central interest in this equationdisa vector of contractor-by-year of assignment
dummies, with one contractor-by-year dummy dropjeeeach district-year pair. The p-value

for the hypothesis that the elementsioére jointly equal to zero provides an omnibus fiest

" Because of the large number of missing valuethieducation measures, and because some corgraeti@ apparently
more diligent than others about recording partictpaucation, we exclude education variables froth the randomization test
and subsequent statistical analysis. Regressiaitsdbat include these variables (including anutation missing” variable) are
nearly identical to our main results.

12 This method for testing randomization across rpldtoutcomes is proposed by Kling et al. (2004) Klidg,Liebman, and
Katz (2007).

13To conserve degrees of freedom, we do not indliisteict by year by calendar quarter interactidviedels that include these
additional dummy variables produce near-identieaults and are available from the authors.
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the null hypothesis that participant covariatesxdbdiffer significantly among participants
assigned to different contractors within a disty&ar pair. A high p-value corresponds to an
acceptance of this null. We use SUR to estimaterttadel simultaneously for all eight
covariates inX to account for the correlations among these veagalif we instead estimated
this system equation-by-equation using OLS, we dobltain identical point estimates but the
standard errors would be incorrect for the hypathexd interest.

The results of the tests of randomization are ligbhsistent with a chance distribution of
covariates. The top panel of Appendix Table 1 ptesip-values for estimates of Equation (1)
applied to the full sample and fit separately toheaf the 41 district-by-year cells. The overall p-
value for the full sample pooled across districtd gears is 0.44. Among 41 separate district-by-
year comparisons, 39 accept the null hypothediseat 0 percent level or higher, and only one
comparison rejects the null at conventional lewglsignificance. The final row and column of
the table provide p-values for the comparisonftastach year, pooling across districts, and for
each district, pooling across years. All but on¢éheke sixteen tests readily accepts the null at
conventional levels of significance. These resstitsngly support the hypothesis that the
rotational assignment of participants across cetdra generates variation that can be treated as
random.

The research design also requires that randomressigf to contractors significantly affects
participant job placements. To confirm this, wareated a set of SUR models akin to equation
(1) where the dependent variables are participamkWirst job outcomes (direct-hire,
temporary-help, non-employment). Here, our exp@utas that job placement outcomes should
differ significantly across contractors within &tict and year. Tests of this hypothesis in the
panel B of Appendix Table 1 provide strong supparthe efficacy of the research design: the
omnibus test for cross-contractor, within distyretar differences in job placement outcomes
rejects the null at below the 1 percent level far full sample, as do 16 of 17 tests for significan
differences in placement rates across all distvidtisin a year or within a district across all

years™

1 We also calculate partial R-squared values fraetaf regressions of job placement type (any Jabgment, direct-hire job
placement, temporary-help job placement) on dumamables indicating contractor-by-year of assignnadter first
orthogonalizing these job placement types with eesfo demographic, earnings history, and timealédess; conversely, we
compute partial R-squared values from regressibjebglacement types on demographic, earningsiyisand time variables
after first orthogonalizing the dependent variakith respect to contractor assignment. We find tloaitractor assignment
explains 85 to 130 percent as much variation inpjalsement type as do demographic, earnings histo/time variables
combined.
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3 MAIN RESULTS THE EFFECTS OF JOB PLACEMENTS ON EARNINGS AND EMPL®ENT
We use the linked quarterly earnings records frieenstate of Michigan's unemployment
insurance system to assess how Work First job planés affect participants' earnings and
employment over quarters two through eight follogvihe calendar quarter of random

assignment to contractor. Our primary empirical elaost

Yea =A@+ BD+ BT+ X A+y, +6,+6, + &, 2
where the dependent variable is average real glyagi@nings or quarterly employment (from
Ul records) defined over the follow-up period. Nada for district, time, and district-by-year
vectors is the same as in equation (1), with sutscr, ¢, d, andt referring, respectivelyto
participants, contractors, placement districts, &t by quarter of participant assignment. The
binary variablesD, andT, indicate whether participanbbtained either a direct-hire or
temporary-help job placement during her Work Fssell (with both equal to zero if no
placement was obtained). To account for the graypf participants within contractors, we use
Huber-White robust standard errors clustered byraotor (33 clustersy,

It bears emphasis that there is not a mechanidadie between job placements occurring
during the Work First spell and earnings and empieryt outcomes observed in the Ul data in
the follow-up period. The job placement variablegize right-hand side of equation (B)and
T, refer to jobs obtained durirtge Work First spell and are coded using welfaseaecords
from the city of Detroit. The dependent variablg contrast, is obtained from state of Michigan
unemployment insurance records and measures ladneetroutcomes in the specified quarters
following Work First assignment. We examine outcomes beggim the second quarter
following Work First assignment because, as notexve, virtually all participants have either
been placed into a job or exited the program bytihee. It is therefore possible—in fact,
commonplace—for a participant who obtains a jole@maent during Work First to have no
earnings in the second and subsequent quarteosvioll program entry and, conversely, for a
participant who receives no placement to have pestarnings in the second and subsequent

post-assignment quarters.

15 All models also include the vector of eight preedmined covariates used in the randomization $est; race (white, black, or
other), age and age-squared, and measures of guafitdl employment and real Ul earnings in dirbice and in temporary-
help employment in the 8 quarters prior to contraassignment. We suppress these terms here tdifgithe exposition of the
2SLS models.
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In general, we would not expect equation (2) tmvec unbiased estimates of the effects of
job placements on participant outcomes when estidnasing Ordinary Least Squares. Only
about half of Work First participants in our samplgain employment during their Work First
spell (Table 1), and this set of participantskelly to be more skilled and motivated to work than
average participants. Unless these attributesuflsecaptured by the covariates X estimates
of 1 andp, are likely to be biased.

We address this bias by instrumentidgndT in equation (2) with contractor-by-year-of-
assignment dummy variables as outlined in Sectiddl2 use of contractor-by-year dummy
variables as instruments is equivalent to usingractor-by-year placement rates as instruments.
To facilitate exposition, we can therefore rewatpiation (2) as,

Yo =a+mD, + LT +y,+@ +O,+V +1 (3)
where D, is the observed direct-hire placement rate ofremtor c in yeart, T is the
corresponding placement rate in temporary-help eympént, and we omit th& vector for
simplicity.*® This equation underscores that our instrumentbleriie identification of the
causal effects of placements into direct-hire @mdgorary-help jobs through variation in job
placement rates among contractors that have statigtidentical populations. In general, these
models will yield estimates of the causal effedteemporary and direct-hire job placements for
the “marginal” placements—i.e. those whose job gtaent type was altered by contractor
assignment’

The error term in equation (3) is partitioned ini@ additive components/,, and/,, to
underscore the two key conditions that our idesdtfon strategy requires for valid inference.

The first is that unobserved participant-speciftdlautes that affect earnings(,) must be

181t the vector of participant characteristics walgo included, equation (3) would differ slighttpin 2SLS to the degree that
there is sample correlation between contractor di@sand participant characteristics (though inficacthis correlation is
insignificant, as shown in Appendix Table 1). Kli(®@005) implements an instrumental variables sgsataalogous to equation
(3), in which means of the assignment variableuaeal as instruments rather than fixed effects.

In an extended working paper version of this pgpee link in footnote 7), we provide a formal asa of the conditions
under which the coefficients from our IV modelsigieausal effects estimates for individuals whadeglacement was affected
by contractor assignment. If the effect of temppaard direct-hire placements is constant amongethegginal placements—
what we term locally constant treatment effects—dumodels yield causal effects estimates for thedeviduals. We note that
an assumption of locally constant treatment effisclsss restrictive than the common assumptiacoobtant treatment effects
for the entire sample population. Alternativelyagfsignment to a given contractor affects the poitibathat workers take
temporary-help or direct-hire jobs (but not botiyr IV estimates may be interpreted within the Ldozerage Treatment
Effects framework of Imbens and Angrist (1994)tHe extended working paper, we provide empiricad@nce that our IV
estimates may be interpretable under the LATE fraonk.

13



uncorrelated withD,, and T,,.. The evidence above suggests that this condiiomeit by the
rotational assignment design. The second condsidmat if there is any unobserved contractor-
by-year heterogeneity that affects participant oontes but does not operate through job
placement ratesu(,), it must be mean independent of contractor plaregmates, i.e.,
E(v,D,)=E(v,T,) =0. This latter condition highlights that the restadesign does noequire
that contractors only affect participant outcontesugh job placements. However, it does
require that any non-placement effects are unaeelwith contractor job placement rates,
since this correlation would cause 2SLS estimatesisattribute the effects of unobserved
contractor practices to job placement rates. Abraat in the Introduction, almost all Work First
resources are devoted to job placement, and feer stipport services are provided to
participants beyond the set of standardized ses\wffered by the city of Detroit to all
participants. Exploiting the fact that we have mioigruments than endogenous right-hand side
variables, we report below the results of overidieation tests, which provide strong statistical
evidence of the validity of this assumption.

One other element of this specification deservés.r@ur use of contractor-by-year of
assignment dummy variables as instruments for teanpdnelp and direct-hire job placements
—rather than simply contractor of assignment dunsmiallows for an interaction between
contractor placement and time period. This is Uudefgause even if contractors operating in a
district have stable (but different) placement gieb, the differences in temporary-help and
direct-hire placements among contractors may veey time in response to changes in the local
economy or changes in the average characteridtjzarticipants entering the prografhin
Section (4), we show that estimates of the effetfdacement type on earnings and employment
outcomes using contractor of assignment as insintsrege similar to those obtained using

contractor-by-year of assignment as instruments.

18 For example, when temporary help positions arecec@bserved percentage point differences amonigamors in
temporary-help placement rates are likely to canti@urvey results in Autor and Houseman (2006) addicate that some
contractors have amended their placement policesciEnt years, with a significant fraction repagthmving reduced their use of
temporary-help placements.
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3.1 CRDINARY LEAST SQUARES ESTIMATES

To facilitate comparison with prior studies of thgact of temporary-help and direct-hire
job taking on labor market advancement of welfaagipipants and other low-earnings workers
(e.g., Heinrich, Mueser and Troske 2005, 2007; As&ten, Holzer, and Lane 2005, 2007), we
begin our analysis with ordinary least squares (Ddsiimates of equation (2). Table 2 presents
OLS estimates for average real quarterly earningsgaiarterly employment for Work First
participants in quarters two through eight follogiitheir assignment to Work First contractors
using all 37,161 spells in our data. For easetefjmetation, we re-center all control variables by
subtracting the mean for participants who did riaaim a job during their Work First spell.

Thus, by construction, the intercept in equatione@uals the mean of the outcome variable for
Work First participants not placed into jobs.

The first column of Table 2 shows that, conditiomaldetailed controls for race, age and
prior employment and earnings, earnings in posgasgent quarters two through four among
participants who obtained any employment duringr tAéork First spell were on average $573
more per quarter than earnings for clients whondidobtain employment during their Work
First spell. Over that same horizon, the probabditemployment was 17 percentage points
higher per quarter among those placed into a jeimgtheir Work First spell compared to those
who were not. As indicated by the intercepts oséhequations, average quarterly earnings were
$817 and the average probability of employment evdg 40 percent among participants who
did notobtain employment during their Work First spell.

Column (2) distinguishes outcomes for those takemgporary-help from those taking direct-
hire jobs during their Work First spells. In quasténvo through four following Work First
assignment participants who obtained a temporalfy{t@sition during their Work First spell
were slightly less likely to be employed and averh§101 less per quarter than participants who
obtained a direct-hire placement, though neithiéerdince is statistically significant. Subsequent
columns of Table 2 summarize outcomes over longes horizons following Work First
assignment. Participants who obtained a job plaoeoh&ing Work First earned an average of
53 percent more per quarter ($493) and on average 84 percent more likely to be employed
(14 percentage points) over the entire seven-quiaitew-up period compared to participants
who did not obtain a job while in Work First. Thareings gap between those obtaining
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temporary-help and direct-hire jobs during WorksFoumulates slightly over this longer time
frame, but is small relative to the substantial gegmployment and earnings between those who
took jobs during Work First and those who did @¢er the seven quarter period, earnings of
those placed into temporary-help jobs were 93 pgraiearnings of those placed into direct-hire
jobs, and the earnings difference between thodeaviemporary-help versus a direct-hire
placement was just 26 percent of the earnings gapden those with a temporary-help versus
no job placement.

These OLS estimates are consistent with other ghuadi findings, most notably with
Heinrich, Mueser and Troske (2005 and 2007). They that Missouri and North Carolina
welfare recipients who obtained temporary-help jobs993 and 1997 earned almost as much
over the subsequent two years as those who obtdirext-hire employment—and earned much
more than did non job-takers. Like Heinrich et aliy primary empirical models for earnings and
employment are estimated for a relatively homogas@md geographically concentrated
population and include detailed controls for obabtg participant demographic characteristics
and prior earnings. Similar to our estimates, Helnet al. report that welfare participants taking
temporary-help jobs earned at least 85 percertadfdf workers taking non-temporary-help jobs
over the subsequent two years and that the dalenredhent over this period to having started in
a temporary help versus a direct-hire job wastleas one third the positive effect of a
temporary job relative to no joff. Though less directly comparable, our findings &sho those
of Andersson, Holzer and Lane (2005, 2007) whontethat low-skilled and low-earnings
workers who obtain temporary-help jobs typicallgefaelatively well in the labor market over
the subsequent three years, despite starting autbrl earnings.

These observations provide assurance that our ednoph the city of Detroit is comparable
to those used in other studies of job-taking amwaljare recipients and other low-skilled
workers. Moreover, the similarity between our Olsfiraates and those of Heinrich et al. for the
relationship between temporary-help job-taking smsequent earnings suggests that the
differences in causal estimates that we reportvb&om instrumental variable models are due to

substantive differences in research design raktzer to differences in sample frarfe.

¥ Henrich,Mueser and Troske (2005) pp. 165-166.

20To control for possible selection bias in the dieri to take a temporary agency job, Heinrich etstimate a selection model
that is identified through the exclusion of varimosinty-specific measures from the models for egysbut not from those for
employment. Their empirical strategy thus assutimassthe county-level variables used to identify sielection model influence
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3.2  INSTRUMENTAL VARIABLES ESTIMATES

Table 3 reports instrumental variables estimatesjohtion (2) for the impact of Work First
job placements on subsequent employment and earmirgere employment placements during
the Work First spell are instrumented by contrabtitpiyear assignments. The estimate in column
(1) confirms an economically large and statisticalpnificant effect of Work First job
placements on earnings and employment in quamersa four following Work First
assignment. Obtaining any job placement is estidhtteaise the average employment
probability in post-assignment quarters two to foyrl3 percentage points and increase average
quarterly earnings by $301. These effects are higighificant and are more than half the
corresponding OLS estimates (Table??).

Column 2 distinguishes between the causal effddisngporary-help placements and the
effects of direct-hire job placements. These esseeveal that the entirety of the positive
effect of Work First job placements derives froragaments into direct-hire jobs. Direct-hire
placements induced by contractor assignment rae@ge quarterly earnings by $577 and
increase the average quarterly employment prolyabii 20 percentage points in post-
assignment quarters 2 through 4. In marked cdnttaspoint estimate of the effect of
temporary-help placements on employment probabditjose to zero and insignificant, while
the estimated effect on earnings is negative (-§&tGuarter) and weakly significant.

Subsequent columns of Table 3 show that the emmayend earnings effects of direct-hire
placements persist into the second year followirgyRN\First assignment. In quarters 5 through
8, direct-hire placements induced by contractoigassents raise average quarterly earnings by
$430 and the employment probability by 11 percemfamjnts. Over the seven follow-up
guarters, direct-hire placements induced by cotdrassignment raise cumulative earnings by
an estimated $3,451, an effect that is highly $icgmt and economically large.

Conversely, the estimated impact of a temporarp-piElcement on employment in quarters

two through eight is insignificantly different fromero, and the effect on quarterly earnings is

earnings only through their impact on employmert b type, an assumption they acknowledge isyikelated. This
correction has little effect on their regressiotineates, suggesting either that the selection prab$ unimportant or that their
instruments do not effectively control for selentimn unobservable variables.

21 The standard errors in Table 3 do not accourpdeential serial correlation in outcomes amongipignts with multiple
spells. The 37,161 Work First spells in our dataespond to 24,903 unique participants, 67 peraEwhom have one spell, 22
percent of whom have 2 spells, and 11 percent oiwhave 3 or more spells. To assess the importafribés issue, we re-
estimated models for total earnings and quarterkeabover eight quarters using only the first WBiist spell per participant
observed in our data. These first-spell estimatesilable from the authors, are closely comparabtair main estimates for
earnings and employment in Table 3.
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weakly negative. The 95 percent confidence inteov#the estimates excludes earnings gains
larger than $5 per quarter and increases in thegpitity of employment of greater than 2
percentage points. In all cases, we reject the thyses that the impacts of temporary-help and
direct-hire placements either on earnings or onleympent are comparable.

Figure 3 provides further detail on these resujtplbtting point estimates and 95 confidence
intervals for analogous 2SLS estimates of the etiedirect-hire and temporary-help job
placements on earnings and employment probahiligach of the seven quarters in our follow-
up period. The figure shows that direct-hire phaeats significantly raise both earnings and the
probability of employment in the first six quartensd five quarters, respectively, of the follow-
up period. These impacts begin to diminish afterfitth quarter, consistent with some fade-out
of benefits?? By contrast, estimated impacts of temporary-héggments on employment and
earnings generally are not significantly differ&aim zero. While this figure makes clear that
direct-hire job placements induced by Work Firgttcactor assignments substantially increase
earnings and employment of Work First clients daiersubsequent two years, we find no
evidence, in contrast to prior research, that caatpgea benefits accrue from temporary-help
placements.

One noteworthy pattern in these results is thatlifierence between the estimated effects of
direct-hire and temporary-help placements on emmp& and earnings are larger in IV than in
OLS models (compare Tables 2 and 3). Under thengsson that the effects of job placement
type are homogenous across participants, thisrpatteuld suggest that those taking temporary-
help positions are more positively selected thaseltaking direct-hire jobs, which is
counterintuitive and appears inconsistent withgatterns found in our OLS models reported in
Table 2%°

Tempering this interpretation is the fact that iVdenodels identify the effect of job

placements on marginal workers, i.e., those whals@jacements are causally affected by

22 The evidence suggesting that the benefits of jabgments fade with time echoes that in Card arsldpy(2005) who find, in
the context of a Canadian welfare program, thaiijob accessions induced by a time-limited eageisubsidy tend to peak
after approximately 15 months and, in the limit,rdt produce permanent earnings gains. Neverthdtess a policy
perspective, a job placement that raises earninggmployment for two full years may still be viehas successful.

2 The OLS estimates in Table 2 compare mean earaimgj@mployment of participants who found direceir temporary-
help jobs during the Work First spell relative trficipants who found nemployment during the spell. Workers self-selagtin
into direct-hire jobs obtain significantly higheogi-program earnings and employment than workéisskecting into
temporary-help jobs, and both obtain higher eamaryd employment than those with no Work First Jiiis pattern accords
with the standard intuition that workers foundémporary-help jobs are less positively selected tharkers found in direct-
hire jobs.
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contractor assignments. If the effects of job phaest type are heterogeneous between marginal
and inframarginal workers, IV models are not neaelysinformative about the direction of bias
in OLS estimate&’ It is plausible that these marginal workers, oarage, differ from those
whose placement job is unaffected by contractdgassent and experience different treatment
effects.

Why might marginal direct-hire placements have syiefat benefit, while temporary-help
placements have so little? Work First participahtfer in the degree to which they rely on
employer contacts provided by the contractor td fobs. Many participants find jobs on their
own, drawing upon employer contacts from prior wexiperience or from family and friends.
Those who are most reliant on contractor input, éwew, are likely to have relatively few
personal contacts and less wherewithal to find gobd on their own. The job placements
obtained by these workers are most likely to besabyiaffected by their contractor assignments.
Arguably, these are also the workers who stanet@fit most from obtaining placement into a
stable job. Thus, the marginal benefit of a dit@ce placement may be relatively high and the
marginal benefit of a temporary-help placement imayelatively low for these participants.
Indeed, the results in Table 3 imply that direcehobs are scarce; marginal participants placed
in direct-hire jobs on average would not have atgdijobs that were equally durable or
remunerative had they not received these placem@atss/ersely, the IV results suggest that
marginal workers placed in temporary-help positiaasild on average have fared equally well,
or somewhat better, without such placements. Camisvith this interpretation, we show in
Section 5 that marginal temporary-help placemeaiserearnings in temporary help positions but
crowd out earnings in direct-hire positions at @ager than one-to-one rate, thus lowering

earnings in net.

2470 see this, consider a case where self-seleittorboth temporary-help and direct-hire employmieritinctionally
equivalent to random assignment, so OLS estimatas/er the mean causal effects for both typestopjacements for those
who gain employment. This mean effect may include>dure of positive, negative and zero effectsuiih the weighted
average of these effects is assumed to be poditixen in this scenario, the causal effect of terapehelp employment for the
marginaltemporary-help job taker may be negative. Thislddae the case if the compliers to the assignmeatthanism
primarily included the subset of workers for whamporary-help assignments crowd out superior ennpéoy outcomes.
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4 TESTING THE IDENTIFICATION FRAMEWORK

This section explores two central aspects of teatification framework. We first consider
the validity of using contractor random assignmeastenstrumental variables for Work First
participants’ placement into temporary-help anectthire jobs. Next we test the robustness of

the instrumental variables results to plausibleratitive specifications of the instrumefits.

4.1 VALIDITY OF THE INSTRUMENTS

Our identification strategy rests on the assumptah contractor assignments are valid
instrumental variables for Work First participangshployment in temporary-help and direct-hire
jobs. Validity requires two conditions: (1) contias causally affect the probability that Work
First participants obtain direct-hire and tempo+lagjp jobs, a condition directly verified in
Section 2.1; and (2) contractors only systemaicafiect Work First participants’ employment
outcomes in quarters two through eight following W/Birst assignment through placements
into direct-hire and temporary-help jobs during Werk First spell. If this latter (exclusion)
condition were violated—that is, contractors aféecparticipant outcomes through channels
other than temporary-help or direct-hire job plaeate—and these other contractor impacts
were correlated with job placement rates—our imstmtal variables would be correlated with
the error terms of our 2SLS models and the estsnateild be biased.

While the restriction that contractors only systaoadly affect participant outcomes through
job placements is fundamentally untestable, wediaattly evaluate the importance of
heterogeneity in contractor effects on participauttomes by taking advantage of the fact that
we have 59 instruments (contractor-by-year dummmiatsées) and only two endogenous
variables (temporary-help and direct-hire places)éfitThis permits us to use an
overidentification test to assess whether a sadnaiodel using 59 contractor-by-year dummies

% n online Appendix Table A, we also examine whethe large differences in the consequences ofdeanp-help and direct-
hire job placements are attributable to differertbestypes of positions obtained in temporary-hegsus direct-hire
employment rather than to differences in the emplayt arrangements per se. Production jobs arelyeaerrepresented in
temporary-help placements. Using our IV frameworkstimate four endogenous variables (temporaly{lacements in
production and nonproduction jobs and direct-hiee@ments in production and nonproduction jobssk@w that our results are
not attributable to occupational differences inpenary-help and direct-hire jobs. Direct-hire gaents into both production
and nonproduction jobs significantly improve suhsst employment and earnings, while temporary-pipements into both
production and nonproduction jobs do not improve, am the case of production jobs, may harm subseigearnings and
employment outcomes.

% There are 100 contractor-by-year cells and 40idigty-year dummy variables plus an interceptsTleaves 59 contractor-by-
year dummies as instruments.
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as distinct instrumental variables for participantcomes is statistically equivalent to a far more
restrictive parameterization in which contractdeefs on participant outcomes operate
exclusively through direct-hire and temporary-hglcements.

The overidentification test reveals a compellingute we detect no statistically significant
effect of contractor assignment on participant ootes that is nataptured by temporary-help
and direct-hire placements. In other words, tha datept the null hypothesis that the 59
contractor-by-year dummy variables have no sigaiftexplanatory power for participant
outcomes beyond their effects on temporary-helpdaratt-hire job placements. This result
holds for the full seven quarter outcome period fandboth sub-periods, as is visible in the
bottom row of each panel of Table 3. For earningsames, the p-values of the
overidentification tests range from 0.36 to 0.4@: uarterly employment outcomes, the p-
values range from 0.09 to 0.21 (see the bottomabeach panel of Table 3).

It is widely recognized that overidentification tesnay have low power against the null (cf.
Angrist and Pischke, section 4.2.2). That is netdase here, however. If we instead compare the
unrestricted model 2SLS model (i.e., with 59 dunghegainst a parameterization that collapses
temporary-help and direct-hire placements intanglsiemployment category (thus reducing 59
parameters to one rather than two), the overideatibn test rejects the null at the 2 percent
level for seven quarter employment and acceptstitea20 percent level for seven quarter
earnings (down from 36 percent). Thus, a paranzstiéon that distinguishes between the causal
effects of temporary-help and direct-hire placemménboth necessary and sufficient to
statistically capture the full effect of contracemsignments on participant outcomes.

These results demonstrate that any set of contrpotices that systematically affect
participant outcomes but does not operate throolgipjfacements would have to be collinear
with—and hence statistically indistinguishable frefoontractor job placements. We view this
possibility as unlikely. Based on a detailed surgéWork First contractors in the Detroit area
analyzed by this study (Autor and Houseman 2006)dacument that program funding is tight
and few resources are spent on anything but jadepiant. A standardized program of general or
life skills training is provided in the first weel the program by all contractors. After the first
week, all contractors focus on job placement. Stpg®yvices intended to aid job retention, such
as childcare and transportation, are equally avigilto participants from all contractors and are

provided outside the program. Consequently, thelittle scope for contractors to substantially
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affect participant outcomes other than throughglaizements, and what other services do exist
are fairly uniform across contractors; thus theavision should be uncorrelated with contractor
job placements.

Adding to this body of evidence, we find in the dgtdata that direct-hire and temporary-
help job placement rates are positively and sigaiftly correlated across contractors, implying
that contractors with direct-hire placement ragggltto have high temporary-help placement
rates. This fact reduces the plausibility of a seenin which another set of contractor practices,
collinear with job placements, accounts for ouretimates showing divergent effects of direct-

hire and temporary-help job placeméht.

4.2 ROBUSTNESS AND POWER OF THE INSTRUMENTS

The 2SLS models in Table 3 use contractor-by-yéassignment dummy variables as
instruments for temporary-help and direct-hire pidcements. These instruments allow for
differences in placement rates among contractoesatipg in a particular district to change over
time due to, for example, changes in the local enon changes in average participant
characteristics, or changes in placement policyasdividual contractors. Although allowing
for some interaction between contractor dummy Wéegand time is efficient, as a robustness
check on our parameterization of the instrumerdaakbles, we report in Table 4 estimates for
the main empirical model in which we use as ins&nta contractor assignments rather than
contractor-by-year assignments. We also repedidkeline models in column (1) for reference.
Point estimates from these contractor-only 2SLSetsofibund in column (3) prove quite
comparable to the baseline estimates. Althougtdatarerrors are slightly larger, as expected,
these models clearly affirm the prior conclusiatisect-hire placements significantly raise
employment and earnings; direct-hire effects agricantly larger than the corresponding

effects for temporary-help placements; the effe€temporary-help placements on employment

27 In the online working paper version of this agijalve show in Appendix Table 3 that if separate @ 8&iodels for the causal
effects of temporary-help and direct-hire job praeats are estimated using the full set of contrauyeyear instruments in each
model, the resulting point estimates continue thcate that direct-hire placements have large pesitnpacts on earnings and
employment (comparable to the main models in Taplshile temporary-help placements have small asdjnificant effects

on these margins. Given the significant positiveraation between temporary-help and direct-hiezphent rates, these results
suggest that ‘bad contractors’ cannot be respam§iblthe lack of beneficial impacts of temporaglghjob placements on
participant outcomes; if bad contractors were rasjie, these adverse effects should load onto dicglst-hire and temporary-
help point estimates in these by-placement-typeatsogiven the positive correlation between diréoé-and temporary-help
placement rates.

22



and earnings are always negative and in some sageicant. In net, the results are quite robust
to discarding the year-to-year variation in conttvaplacement rates.

A further concern with use of contractor assignmestinstruments is that they may suffer
from the weak instruments problem highlighted byiBd, Jaeger and Baker (1995). According
to conventional rule of thumb tests (cf. Stock, gltiand Yogo, 2002), weak instruments should
not be an issue in our application; the chi-sqgé#agistics for our instrumental variables are 895,
634, and 548 for overall employment, temporary-tegtployment and direct-hire employment,
respectively. As a further check, we report in emambered columns of Table 4 models for the
main outcomes that use a Limited Information Maximiikelihood (LIML) estimator in place
of 2SLS. Unlike 2SLS, LIML is approximately unbias& the case of weak instruments
(Angrist, Imbens and Krueger, 1999; Angrist andéger, 2001). For either set of dummy
instrumental variables—contractor by year dummiesontractor dummies—LIML point
estimates are closely comparable to their 2SLSteoparts while standard errors are about 50

percent larger. Thus, weak instruments do not apgpdae a concern.

5 INTERPRETING THE FINDINGS JOB TRANSITONS AND EMPLOYMENT STABILITY

Why do temporary-help and direct-hire placemengfdysuch divergent impacts on
subsequent earnings and employment? In this segt®analyze job transitions following Work
First program entry to explore the central linkvben job placements and subsequent
employment and job stability.

The objective of Work First job placements is tetéy sustained employment. Ideally,
participants placed into jobs during the progranuMdaemain in those jobs indefinitely or would
change employers with little or no interruptioretoployment. As a descriptive matter, the bulk
of earnings among our sample of Work First paréioig during the period following contractor
assignment derives from continuous employment wisimgle employer. Among Work First
participants with any earnings in the second thinoeighth post-assignment quarters, the average
ratio of earnings from the longest-held job to lte@nings was 77 percent. Given this fact, we
conjecture that a central reason why direct-hibeglacements increase participants’ subsequent
employment and earnings is that they foster staiployment, either because these placements
are often durable or because they frequently ses\atepping stones into other employment that
proves stable. Because temporary-help jobs anasitally short-lived, temporary-help job
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placements clearly will not offer durable employmeevertheless, they may foster stable
employment if they serve as stepping stones irfteralurable jobs. We next explore the degree
to which direct-hire and temporary-help job placamsen Work First lead to stable employment.

We begin with an examination of the effect of jdagement on the number of employers in
a quartef® To assess the effects of job placement on muliifinolding, we estimate a set of
2SLS linear models for the probability that papamts hold employment with either a single
employer or multiple employers (with no employetlas residual category) separately for each
quarter in our follow-up period. These estimatesymarized in Figure 4, reveal that direct-hire
placements significantly raise the probability thatticipants work for a single employer
(though not necessarily the same employer) in e&tie seven quarters. This effect is
substantial, ranging from 11 to 20 percentage pobirect-hire placements also raise the
probability that participants work for multiple etapers in the second post-assignment quatrter,
suggesting an initial increase in job shoppingharrn. But this effect becomes insignificant by
the third quarter, and the point estimate is esagnrzero thereafter. Thus, direct-hire
placements lead to a near-term increase in muitldolding, and a near and longer-term
increase in single job-holding.

By contrast, Figure 4 reveals that temporary-héggments significantly raise the
probability that participants work for multiple etapers in six of the seven post-assignment
guarters. Simultaneously, they significantly redtieeprobability that participants work for a
single employer in four of seven quarters andgt) have no significant effect on the probability
of that participants have any employment in a euggee also Figure 3). To the extent that
multiple job holding reflects job changes (and setond jobs), these results offer an explanation
for the surprising finding that temporary-help @aents may reduce earnings on balance (Table
3): temporary help placements appear to decreasstability in net, and so participants’
earnings may suffer because of gaps in employmetatden job spells.

The sharp differences in the effects of direct-hine temporary-help placements on patterns

of single and multiple job holding broadly suggéstt stable jobs play an important role in

2 The Ul data do not show when within a quartertaigoheld, so when the Ul data record multiple eyets for an individual
during a quarter, it is impossible to tell whetteat individual is working multiple jobs at the sanime or whether the jobs are
held sequentially. To the extent that it refletts katter, having multiple employers in a givenmerais an indicator of job churn.
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improving employment and earnings outcorffad/e drill down on job stability further by using
the unique employer identifiers in the Ul datatiedy the effect of placements on ongoing
employment and earnings in particular jobs—or npyezisely, in ongoing job spells with
particular employers. For each participant, we ceal®ings and employment in the longest held
job observed in the seven quarter follow-up perid@. use the IV model to estimate how job
placements affect the duration and earnings insiésl.*°

Table 5 illustrates the centrality of long job dpéb the earnings and employment effects of
direct-hire placements. Of the $493 total effeca alirect-hire placement on quarterly earnings
over quarters two through eight, $398 derives fiooneased earnings in the longest spell.
Similarly, of the 15 percentage point gain in agerguarterly employment probability, 11
percentage points accrue in the longest spell. iS@ms with earlier results, temporary-help
placements are not found to foster long job spkistead, these placements are found to reduce
tenure and earnings in the longest job spell. @heerse earnings effect of $297 per quarter is
statistically significant.) Notably, the $310 estited reduction in earnings in the longest held job
is largerthan the estimated net earnings loss from a teanpdrelp placement of $235 per
quarter, indicating that participants placed in penary-help jobs partly compensate for
increased instability through greater employmeut @arnings in other jobs.

How much of the total earnings impact of a job plaent derives from earnings in the
specific job in which the participant is placed dmv much from other job spells that are
fostered by the placement? To make this assessmwermkefine the ‘exit job’ for those who
receive a placement during Work First as the jowhich the participant is placed. For
participants who leave the program without a plaeanwe define the exit job as the longest-
held job obtained in the quarter of exit. By constion, earnings in the exit job in quarters two
forward will be zero if the exit job spell has eddwior to the second quarter. We use the IV
model to estimate the impact of placements on egsrend employment in the exit job.
Implicitly, these models estimate the differenceannings and employment stemming from the
Work First placement job relative to the job the participant would (in expectation) have

found on her own.

%9 The estimates in Figure 4 are consistent withctlindre/temporary-help placements increasing/raayoin-going employment
with a single employer (i.e. job stability). Hovexythe positive effects of temporary-help placetsem multiple job holding
could reflect an increase in second jobs, not yaibching.

30 Where participants have multiple jobs of the stangth (in quarters), we break ties by using ttghést earnings spell.
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One complication for this approach is that if pap@nts hold multiple jobs in the quarter of
job placement or program exit (that is, there audtiple candidate ‘exit jobs’), we cannot
precisely identify which job is the placement jattle first job takeri* In these circumstances,
we define the exit job as the longest job commemairthe quarter of job placement for those
placed into jobs during Work First, and, analogguas the longest job observed in the quarter
of exit for those not placet.

Instrumental variables estimates for exit job eagaiand employment in Table 5 show that
direct-hire placements raise earnings in the ekitjy $213 per quarter and increase the
probability of ongoing employment in that job byp&rcentage points. These effects represent
about half (43 percent and 53 percent respectivélihe overall earnings and employment gain
from a direct-hire placement. What accounts fordtieer half of the gain? Since the complement
of employment and earnings in the ‘exit job’ is éaynent and earnings in all other jobs, we
conclude that this ‘other half’ is attributableth® stepping-stone effect of direct-hire placements
on further employment.

Turning to analogous estimates for temporary-h&pgments, in Table 5 we find that these
placements neither improve nor diminish outcomdsénexit job. This finding is consistent with
the hypothesis that temporary-help jobs are natsdar the marginal Work First participant.
However, the lack of long-term employment and eagsibenefits from temporary-help job
placements (Table 3) also implies that these jalsad foster transitions into other
employment—that is, they do not serve as steppioiges.

Table 6 confirms this hypothesis. In this table,asémate the impact of temporary-help and
direct-hire placements separately on earnings temmporary help employment and direct-hire
employment in post-assignment quarters two thraight3® The top panel of the table reports
OLS models. These descriptive estimates show, @ecéed, that participants who take a
temporary-help job during Work First have higheemage quarterly earnings and employment
rates in both temporary-help adotect-hire employment in the follow-up period. \Wead this as

confirmation of selection bias: participants plac&d temporary-help jobs have comparatively

31 The textual employer names in the Work First datanot be matched to the numeric employer ID’inll data.

32 Our definition of the longest spell does not conterrupted spells. Thus, for instance, if we obsearnings from the exit
employer in quarter 3, but not in quarter 2, exit arnings and employment are still set equaéto.z

%3 Analogous estimates for employment, reported imerppendix Table B, are qualitatively similarttee results for earnings
in Table 6.
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strong employment prospects relative to participavito are not placed into a job during Work
First. Because participants who take temporary-joddp during Work First typically have
substantial earnings in direct-hire jobs thereafiae naive reading of these results is that
temporary-help jobs lead to direct-hire employment.

The IV estimates in the bottom panel of Table Gdbsupport this interpretation.
Temporary-help placements induced by contractagas®nt significantly raise subsequent
earnings in temporary help jobs, echoing the figdhrat temporary-help placements increase
multiple job holding within quarters (Figure #)At the same time, temporary help jobs
significantly crowd out earnings in direct-hire dmpnent. In post-assignment quarters 2
through 4, temporary-help placements increase guyagarnings in temporary-help jobs by
$157 but reduce quarterly earnings in direct-totesjby $427. In follow-up quarters 5 through 8,
temporary-help placements significantly affect @ags in neither temporary-help nor direct-hire
jobs.

Finally, consistent with earlier findings, 1V esties show that direct-hire placements
significantly increase earnings in direct-hire jobughout the seven quarter follow-up period,
though the effect is not as large in the second geahe first. Direct-hire job placements have
no effect on subsequent earnings in the temporalygector, however. By implication, direct-
hire placements increase subsequent employmendeule ‘exit’ job by raising employment in

other direct-hire jobs.

6 CONCLUSION

Our analysis yields two primary findings. Directédplacements induced by the rotational
assignment of Work First participants to contragtmgnificantly increase subsequent payroll
earnings and employment. The increase in earnimigish amounts to almost $3,500 over a
seven quarter follow-up period, is economicallyg&rrepresenting a fifty percent earnings gain.
In contrast, temporary-help placements fail to ioveremployment outcomes, and, on net, may
even moderately lower earnings over the follow-apqa. Thus, despite much descriptive
evidence to the contrary, our analysis indicatas ttmporary-help placements have no net
beneficial effect for the earnings, employment ktmbr market advancement of low-skilled

workers.

%4 Because temporary-help jobs are intrinsically stenm, an increase in temporary-help employmentikhbe accompanied
by an increase in job turnover.
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The link between job placements and job stabiitgantral to understanding the disparate
impacts direct-hire and temporary-help placemeat®lon subsequent employment outcomes.
Direct-hire placements generate durable earningseamployment effects by fostering stable
employment; on average, the placement jobs themsalre relatively durable and further serve
as a stepping stone into stable jobs. By contiastporary-help placements, on average, reduce
subsequent job stability by fostering greater jobra and, at least initially, raising employment
in the temporary-help sector at the expense of dppivies in direct-hire employment. We find
no evidence that temporary-help placements proazidert of entry into stable employment.

These findings are pertinent to the economicsditee on active labor market programs
designed to improve employment and earnings anmmgskilled workers. Large-scale random
assignment experiments conducted with welfare-tdkvaod adult disadvantaged populations in
the 1990s generally found that, compared to moséycmtervention strategies, job placement
services were as effective or more effective atronipg subsequent labor market outcomes. On-
going random assignment experiments at 15 sitegyht states are currently assessing the
efficacy of various strategies that are intendedddress persistent problems of job instability
and lack of advancement in the welfare populat&logm et al. 2005). Studies in this vein
typically assess the net effect of various progfeatures—in addition to job search assistance—
on Work First participant outcom&sOur study is the only analysis of which we are @ihat
directly assesses causal effects of job placenmardgon the recipients who receive them. This
distinction proves important here. Although, cotenis with the experimental literature, we find
that job placements significantly improve long-teemployment and earnings outcomes on
average, the analysis also reveals that the bsrfjob placement services derive entirely from
placements into direct-hire jobs.

We emphasize that our results pertain to the mar¢ggmporary-help job placements induced
by the randomization of Work First participantsass contractors. They therefore do not
preclude the possibility that infra-marginal temgrgrhelp placements generate significant

benefits. Our findings are nevertheless particylgermane for the design of welfare programs.

% Bloom et al. (1997) summarizes the results fromak@lom assignment studies of the efficacy of ses/provided to
participants in JTPA Title II-A programs, which geed disadvantaged adults. Table 4 of that stutgpares the estimated
effects of programs that rely on classroom trairdiampared to programs that provide job placemeditoemthe-job training
services. Bloom and Michalopoulos (2001) summatieeresults from a series of studies of welfargatives, all of which used
random assignment research designs. These stadiadéd analysis of the impact on annual earnifiggagrams emphasizing
job search first and programs emphasizing educéitismn
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The operative question for program design is whgtiteprograms assisting welfare and other
low-wage workers can improve participants’ laborrkeaoutcomes by placing more clients in
temporary-help positions. Our analysis suggestsWaile participants placed in direct-hire jobs
benefit substantially, workers induced to take terapy-help jobs by contractor assignments are
no better off than they would have been without jatyplacement. Putting greater emphasis on
placing participants in direct-hire jobs appearbdéa more promising approach for increasing

earnings and employment stability in this populatio
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Figure 1. Research Design
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Figure 2a: Participant Earnings in Quarters 2 through 8 Following Contractor Assignment and Contractor-Year
Placement Rates into Direct-Hire and Temporary-Help Jobs

Placement rates are the means of contractor-by-year residuals from OLS regressions of indicator
variables for participant placements into direct-hire and temporary-help jobs on district-year dummy
variables. Earnings variables are contractor-year mean residuals from an analogous OLS regression of
average participant quarterly earnings in post-assignment quarters 2-8 on district-year dummy variables
corresponding to the district and year in which participants were assigned to Work First contractors.
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Employment Outcomes by Contractor Placement Rates
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Figure 2b: Participant Employment Rates in Quarters 2 through 8 Following Contractor Assignment and
Contractor-Year Placement Rates into Direct-Hire and Temporary-Help Jobs

Placement rates are the means of contractor-by-year residuals from OLS regressions of indicator
variables for participant placements into direct-hire and temporary-help jobs on district-year dummy
variables. Employment rate variables are contractor-year mean residuals from an analogous OLS
regression of average participant employment rates in post-assignment quarters 2-8 on district-year

dummy variables corresponding to the district and year in which participants were assigned to Work First
contractors.
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Figure 3. Two-Stage Least Squares Estimates of the Effect of Direct-Hire and Temporary-Help Job Placements on
Quarterly Earnings and Probability of Employment in Quarters 2 through 8 Following Work First Contractor
Assignment.

Each pair of plotted points is from a separate 2SLS regression of the indicated outcome variable for the relevant

quarter on the direct-hire and temporary-help job placements instrumented by contractor-by-year of assignment.
Confidence intervals are estimated with robust standard errors that are clustered on contractor assignment.

37



Table 1 Summary Statistics for Work First Particip ~ ants Randomly Assigned to Contractors 1999—
2000: Overall and by Job Placement Outcome during Work First Spell

All No employment Direct hire Temporary help
Mean SE Mean SE Mean SE Mean SE
Percent of sample 100.0 51.9 38.4 9.8
A. Demographics
Age 29.6 (0.04) 29.3 (0.06) 29.8 (0.06) 30.3 (0.13)
Female (%) 94.3 (0.12) 94.6 (0.16) 93.9 (0.20) 93.9 (0.40)
Black (%) 97.3 (0.08) 97.3 (0.12) 97.1 (0.14) 98.2 (0.22)
White/Other (%) 2.7 (0.08) 2.7 (0.12) 29 (0.149) 1.8 (0.22)
< High school (%) 37.2 (0.25) 40.1 (0.35) 33.8 (0.40) 35.3 (0.79)
High school (%) 35.5 (0.25) 33.6 (0.34) 37.6 (0.41) 37.8 (0.80)
> High school (%) 7.6 (0.14) 6.9 (0.18) 8.5 (0.23) 7.8 (0.44)
Unknown (%) 19.7 (0.21) 19.4  (0.28) 20.1 (0.34) 19.1 (0.65)
B. Work History in Eight Quarters Prior to Contractor Assignment: Quarterly Means
All earnings/qtr 1,149 (8) 1,014 (10) 1,289 (13) 1,312 (25)
Direct-hire earnings/qtr 995 @) 877 (10) 1,137 (12) 1,060 (24)
Temp-help earnings/qtr 136 (2) 121 3) 133 3) 229 (9)
Any employment in qtr 0.52 (0.00) 0.48 (0.00) 0.56 (0.00) 0.56 (0.01)
Any direct-hire employment in gtr 0.42 (0.00) 0.38 (0.00) 0.46 (0.00) 0.42 (0.01)
Any temp-help employment in gtr 0.09 (0.00) 0.09 (0.00) 0.09 (0.00) 0.14 (0.00)
C. Job placement Outcomes during Work First Assignment (if employed)
Hourly wage 7.51 (0.01) n/a 7.43 (0.02) 7.83 (0.03)
Weekly hours 34.2 (0.05) n/a 33.5 (0.06) 36.7 (0.10)
Weekly earnings 259 (0.71) n/a 252 (0.80) 287 (1.40)
D. Labor Market Outcomes in Seven Quarters (2-8) Following Contractor Assignment: Quarterly Means

All earnings/qtr 1,221 (8) 922 (11) 1,561 (15) 1,472 (28)
Direct-hire earnings/qtr 1,072 (8) 807 (10) 1,419 (14) 1,121 (26)
Temp-help earnings/qtr 134 3) 105 3) 123 (4) 330 (13)
Any employment in qtr 0.49 (0.00) 0.41 (0.00) 0.57 (0.00) 0.56 (0.01)
Any direct-hire employment in gtr 0.41 (0.00) 0.33 (0.00) 0.50 (0.00) 0.40 (0.01)
Any temp-help employment in gtr 0.07 (0.00) 0.07 (0.00) 0.06 (0.00) 0.15 (0.00)
N 37,161 19,277 14,255 3,629

Sample is comprised of all Work First spells initiated from the fourth quarter of 1999 through the first quarter of
2003 in 12 Work First assignment districts in Detroit, Michigan. Data source is Detroit administrative records
data from Work First programs linked to quarterly earnings from Michigan unemployment insurance wage
records. Job placement outcomes and hourly earnings during Work First spell are coded using Detroit
administrative records. Quarterly temporary-help and direct-hire earnings in eight quarters pre and post
contractor assignment are coded using state of Michigan unemployment insurance records, where employer
type is determined by industry codes. Work First participants may have multiple spells. All earnings are
inflated to 2003 dollars using the Consumer Price Index (CPI-U).
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Table 2 OLS Estimates of the Relationship between W ork First Job Placements and Earnings and
Employment Quarters 2—8 Following Work First Assign ment

Quarters 2-4 Quarters 5-8 Quarters 2-8
1) (2) 3) (4) (5) (6)
A. Quarterly Earnings
573** 433** 493**
Any job placement (19) (22) (29)
593** 455%* 514**
Direct-hire job placement (22) (23) (22)
Temp-help job placement 492** 343** 407**
(33) (31) (29)
Constant 817 817 1001 1001 922 922
(11) (11) (11) (11) (20) (20)
R? 0.23 0.23 0.21 0.21 0.25 0.25
Ho:Temp=direct 0.01 0.00 0.00

B. Quarterly Employment

0.17* 0.11** 0.14*
Any job placement (0.01) (0.00) (0.01)
0.18** 0.11* 0.14**
Direct-hire job placement (0.01) (0.00) (0.01)
Temp-help job placement 0.16** 0.10** 0.13**
(0.01) (0.01) (0.01)
Constant 0.40 0.40 0.41 0.41 0.41 0.41
(0.00) (0.00) (0.00) (0.00) (0.00) (0.00)
R? 0.17 0.17 0.15 0.15 0.20 0.20
Ho:Temp=direct 0.20 0.02 0.05

N = 37,161. Robust standard errors in parentheses are clustered on Work First contractor (33 clusters). Each column
corresponds to a separate OLS regression. The dependent variable in the top panel is mean quarterly earnings over
the indicated period. Employment is measured as a dummy variable equal to one if the participant has any Ul
earnings in a particular quarter; the dependent variable in the lower panel is the average of these employment
dummy variables over the indicated period. All models include dummy variables for year by quarter of assignment
and assignment-district by year of assignment, and controls for sex, white or Hispanic race, other race, age and age-
squared, total quarters employed and total earnings in eight quarters prior to Work First assignment, total quarters
employed in temporary-help work and total temporary-help earnings in the eight quarters prior to Work First
assignment. Earnings values are inflated to 2003 dollars using the Consumer Price Index (CPI-U). Significance at the
0.01, 0.05, or 0.10 level is indicated by **, *, and ~, respectively.
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Table 3 Instrumental Variables Estimates of The Eff  ect of Work First Job Placements on Earnings
and Employment Quarters 2—8 Following Work First A ssignment

Quarters 24 Quarters 5-8 Quarters 2-8
1) ) 3 4 ©) (6)
A. Quarterly Earnings
Any job placement 301** 209* 248**
(106) (98) (96)
Direct-hire job placement 577** 430** 493**
(149) (153) (147)
Temp-help job placement -246~ -228 -235~
(127) (143) (123)
Constant 943 891 1105 1064 1036 990
(47) (54) (45) (56) (43) (53)
R? 0.22 0.21 0.20 0.20 0.24 0.24
Ho:Temp=direct 0.00 0.00 0.00
Over-ID test 0.20 0.42 0.29 0.38 0.20 0.36

B. Quarterly Employment

Any job placement 0.13** 0.06* 0.09**
(0.03) (0.03) (0.03)
Direct-hire job placement 0.20** 0.11* 0.15**
(0.04) (0.04) (0.04)
Temp-help job placement -0.01 -0.05 -0.03
(0.03) (0.04) (0.03)
Constant 0.42 0.41 0.44 0.42 0.43 0.42
(0.01) (0.01) (0.01) (0.01) (0.01) (0.01)
R? 0.17 0.16 0.15 0.14 0.19 0.18
Ho:Temp=direct 0.00 0.02 0.00
Over-1D test, P-value 0.06 0.21 0.06 0.14 0.02 0.09

N = 37,161. Robust standard errors in parentheses are clustered on Work First contractor (33 clusters). Each
column corresponds to a separate 2SLS regression. Instrumental variables for jobs obtained (any, direct-hire
and temporary-help) are contractor by year of assignment dummies. Significance at the 0.01, 0.05, or 0.10
level is indicated by **, *, and ~, respectively. Sample and specification are identical to Table 2.
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Table 4 Comparison of Alternative Instrumental Vari  ables and Estimators for the Effect of Job Placemen  ts
on Employment and Earnings Quarters 2—8 Following Work First Assignment

IVs: Contractor by Year Dummies IVs: Contractor Dummies
2SLS LIML 2SLS LIML
(2) (2 3) (4)

A. Quarterly Earnings

Direct-hire job placement 493** 518** 547* 569**
(147) (141) (243) (182)
Temp-help job placement -235~ -314 -345* -392
(123) (212) (164) (245)
Constant 990** 988** 980** 976**
(53) (51) (83) (65)
R? 0.24 0.23 0.23 0.23
Ho:Temp=direct 0.00 0.00 0.01 0.01
B. Quarterly Employment
Direct-hire job placement 0.15%** 0.16** 0.15* 0.16**
(0.04) (0.03) (0.07) (0.04)
Temp-help job placement -0.03 -0.06 -0.08* -0.10~
(0.03) (0.05) (0.04) (0.06)
Constant 0.42** 0.42** 0.42** 0.42**
(0.01) (0.01) (0.02) (0.02)
R® 0.18 0.17 0.17 0.16
Ho:Temp=direct 0.00 0.00 0.02 0.00

N = 37,161. Robust standard errors in parentheses are clustered on Work First contractor (33 clusters). Odd-
numbered columns contains two-stage least squares estimates. Even-numbered columns contained limited
information maximum likelihood (LIML) estimates. The instrument in columns 1 and 2 is the assigned contractor
by year and in columns 3 and 4 the assigned contractor. Significance at the 0.01, 0.05, or 0.10 level is indicated
by **, *, and ~, respectively. Sample and specification are otherwise identical to prior tables.
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Table 5 Instrumental Variables Estimates of the Eff  ect of Work First Job Placements on Earnings
and Employment over Quarters 2-8 Following Work Fir st Assignment: Assignment:
Overall, in Longest Job Spell, and in Exit Job

Longest Exit job Longest Exit job

All job spell spell All job spell spell

1) 2) 3) 1) 2) 3)
A. Earnings B. Employment

Direct-hire placement 493** 398** 213** 0.15** 0.11% 0.08**
(147) (133) (59) (0.04) (0.04) (0.01)

Temp-help -235~ -310** -53 -0.03 -0.04 0.00
placement (123) (110) (138) (0.03) (0.02) (0.03)
Constant 990** T77** 209** 0.42** 0.30** 0.07**
(53) (46) (24) (0.01) (0.01) (0.01)

R? 0.24 0.19 0.11 0.18 0.14 0.09

Ho: Temp = direct 0.00 0.00 0.09 0.00 0.00 0.06

N = 37,161. Robust standard errors in parentheses are clustered on Work First contractor (33 clusters).
Each column corresponds to a separate 2SLS regression. A job spell is a set of contiguous quarters with
earnings from the indicated employer. The exit job refers to the placement job for those placed into
employment while in Work First and to the longest job obtained in the quarter of exit for those not placed
while in Work First. Significance at the 0.01, 0.05, or 0.10 level is indicated by **, *, and ~, respectively.
Sample and specification are identical to prior tables.
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Table 6 OLS and Instrumental Variables Estimates of  the Effect of Work First Job Placements on
Earnings by Sector over Quarters 2-8 Following Wor  k First Assignment: Direct-Hire and
Temporary Help Jobs

All earnings Direct-hire earnings Temp-help earnings
Qtrs Qtrs Qtrs Qtrs Qtrs Qtrs
2-4 5-8 2-4 5-8 2-4 5-8
) 2 3) 4) 5) (6)
A.OLS
Direct-hire job 593** 455*%* 582** 438** 5 10~
placement (22) (23) (22) (22) (5) (5)
Temp-help job 492** 343** 187** 215** 293** 122%*
placement (33) (32) (18) (25) (25) (24)
Constant 817 1001 702 885 106 104
(11) (11) (10) (10) 4) 4)
R? 0.23 0.21 0.20 0.18 0.07 0.04
Ho: Temp=direct 0.01 0.00 0.00 0.00 0.00 0.00
B. 2SLS
Direct-hire job 577** 430** 496** 427 89 -7
placement (149) (153) (126) (154) (65) (36)
Temp-help job -246~ -228 -427%* -156 157* -56
placement (227) (143) (113) (160) (70) (45)
Constant 891 1064 791 924 87 127
(54) (56) (43) (55) (28) (15)
R? 0.21 0.20 0.19 0.18 0.05 0.03
Ho: Temp=direct 0.00 0.00 0.00 0.02 0.23 0.31

N = 37,161. Robust standard errors in parentheses are clustered on Work First contractor (33 clusters).

Each column corresponds to a separate OLS or 2SLS regression. Instrumental variables for jobs
obtained (any, direct-hire and temporary-help) are contractor by year of assignment dummies.
Significance at the 0.01, 0.05, or 0.10 level is indicated by **, *, and ~, respectively. Sample and
specification are identical to prior tables.
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Appendix Table 1 P-Values of Tests of Random Assignment of Participant Demographic Characteristics and of
Equality of Job Placement Probabilities across Work First Contractors within Randomization
Districts, 1999-2003

Randomization District

1] 1] [\ V VI Vil VIl IX X XI XII All
A: Test of Covariate Balance
1999-2000
P-value 052 0.10 0.65 0.23 n/a 0.12 0.80 nl/a 0.79 0.89 0.86 0.66 0.63
N 1,863 720 708 1,412 954 807 697 794 690 676 9,321
2000-2001
P-value 0.35 0.14 0.31 n/a 0.55 0.98 nl/a 0.66 0.85 0.92 0.25 0.34
N 1,462 1,380 1,384 954 682 145 849 527 1,484 9,365
2001-2002
P-value 0.13 0.10 0.07 0.33 034 044 0.73 0.35 n/a 0.99 0.63 0.49 0.18
N 2,006 1,589 1,042 1,423 923 957 932 1,102 784 372 1,614 12,744
2002-2003
P-value 0.38 095 034 095 081 058 0.65 0.18 n/a 0.76 nla 0.08 0.76
N 717 634 332 715 642 436 476 382 419 978 5,731
All Years
P-value 0.21 013 0.02 048 064 041 098 0.21 084 1.00 0.96 0.18 0.44
N 6,048 4,323 2,580 4,934 1,565 3,301 2,897 1,484 842 2,846 1,589 4,752 37,161
B: Test of Equality of Job Placement Probabilities by Contract-Year within Districts
1999-2000
P(2-way) 0.00 0.08 0.04 0.77 nla 0.00 0.02 nl/a 0.01 046 0.36 0.37 0.00
P(3-way) 0.00 0.22 0.12 0.00 0.00 0.06 0.00 0.02 0.24 0.00 0.00
N 1,863 720 708 1,412 954 807 697 794 690 676 9,321
2000-2001
P(2-way) 0.00 0.00 0.00 0.09 n/a 0.00 0.67 nla 0.78 0.32 0.02 0.00 0.00
P(3-way) 0.00 0.00 0.010 0.00 0.00 0.93 0.69 0.25 0.05 0.00 0.00
N 1,462 1,381 498 1,384 954 682 145 849 527 1,484 9,365
2001-2002
P(2-way) 0.00 000 040 000 0.25 0.22 0.00 0.00 n/a 0.00 0.07 0.00 0.00
P(3-way) 0.00 000 0.00 000 0.39 0.01 0.00 o0.00 0.00 0.19 0.00 0.00
N 2,006 1,589 1,042 1,423 923 957 932 1,102 784 372 1,614 12,744
2002-2003
P(2-way) 0.13 000 0.02 0.06 098 0.00 0.00 0.00 n/a 0.00 n/a 0.00 0.00
P(3-way) 0.00 0.00 0.02 0.15 0.26 0.00 0.00 o0.00 0.00 0.00 0.00
N 717 634 332 715 642 436 476 382 419 978 5,731
All Years
P(2-way) 0.00 000 000 000 059 000 0.00 0.00 004 0.00 0.02 0.00 0.00
P(3-way) 0.00 000 000 000 031 000 0.00 0.00 000 0.00 0.06 0.00 0.00

Panel A: Each cell provides the p-value from a Seemingly Unrelated Regression for the null hypothesis that the 10
main sample covariates are balanced across participants assigned to Work First contractors within the relevant
assignment district and year cell. Covariates tested are sex, white or Hispanic race, other race, age and age-squared,
total quarters employed and total earnings in eight quarters prior to Work First assignment, total quarters employed in
temporary help work and total temporary help earnings in eight quarters prior to Work First assignment. Right-hand
column and bottom row provide analogous test statistics pooling across districts either within a year or across years
within a district. Bottom right-hand cell provides the test statistic for all districts and years simultaneously. Cells
marked "n/a" indicate that there was only one contractor operating in the district during most or all of the indicated

year.

Panel B: Each cell gives the p-value for the null hypothesis that placement rates are comparable across contractors
within a district-year cell. 2-way tests compare overall job placement probabilities (any placement versus no
placement). 3-way tests compare placement probabilities into direct-hire, temporary-help and non-employment
simultaneously. Sample is identical to Panel A.
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